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Abstract; Aiming at problems of vehicle type recognition in high-speed environment, an improved HOG algo-
rithm based on oriented steerable filter is proposed in this paper. Vehicle image features are extracted by com-
bining the oriented steerable filter algorithm and HOG algorithm. The principle component analysis ( PCA) is
used to reduce dimensions of the eigenvector for decreasing the computational complexity. The support vector
machine (SVM) algorithm is used to train the extracted features to realize the recognition of vehicle’s appear-
ance features. The simulation results indicate that average vehicle type recognition accurate of proposed algo-
rithm reaches 92.36% . At the same time, the recognition speed is 3.45% higher than the traditional HOG

feature algorithm. In conclusion, the proposed algorithm can effectively improve the efficiency of vehicle type
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recognition and is therefore better than the traditional HOG algorithm.

Key words: vehicle type recognition; HOG feature ;steerable filter
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