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A survey of laser scan matching methods
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Abstract; Laser scan matching is a foundation for navigation, localization and mapping using Light Detection
and Ranging( LiDAR). Various laser scan matching methods are reviewed in detail in this paper. The existing
methods are divided into three categories: point-based scan matching method, feature-based scan matching
method and mathematical property-based scan matching method, and the common algorithms of corresponding
categories are summarized systematically. The typical algorithms and their improved algorithms are outlined,
the main issues and development trends are discussed. Then, the latest research progress of performance eval-
uation and comparison of laser scan matching methods is introduced. Finally, the future research directions of
laser scan matching technology are prospected.
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PUPRHS LV B, Teis S BRI (E, BRI SR A 2738
ko
3.1 E#M LIDAR == PR EUHFE

(1) AL

AR ZAFTE T Mg s, B T mURHE
AR DT C D7 25 B, o R A, SR
(49 ] HHN S h S IR M A e a5, T4 R
FHICIC . 2RV SE b SIFT FRAE 4 7 1Y)
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R - (B 12 [ 1 238 ) AR08 Al R AL i ik
T (AR ERIC AR BT SCH R 770 B-HF % $ ik
T) o BTG 0T, AT I 205 L FLIRT,
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751 PFH ( Point Feature Histograms) '™’ J% F 5 it
{75 fil FPFH ( Fast Point Feature Histograms) '™ |
FAREARASFRAE | iR R A S B Ah, Iﬁeﬂt
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